= Microsoft Cloudweek2019@Hokkaido University

~ 4 7ER" TGN

HBE. REODI-HDDOD~YA7BY 777 FDLIE

HEE A | k= =1t
Ty I8 % —BEKE
7w 7

slie SR




Case Studies

What you can do with Microsoft
Azure ?




W=D Z T IRRFOEMDETH

https://www.youtube.com/watch?v=mgXFBTP7sE4&t=28s
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Azure Cost Management

https://azure.microsoft.com/ja-jp/services/cost-management/
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Microsoft Learn

https://docs.microsoft.com/ja-jp/learn/
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Azure Notebook GitHub Classroom

https://notebooks.azure.com/ https://classroom.github.com/

Jupyter notebooks on Azure

GitHub Classroom

Python 2 Python 3

Python is a d).fnami-:al!y‘_ty.pe-d programming Pythonis a d‘,fnamicall\; ty.pec progreir_“.ming The \v'\/OT'kﬂO\"\/ develo oer»s U Se, W 'ﬂl et'WE'
language designed by Guido Van Rossum. Much language designed by Guido Van Rossum. Much J !
like the programming language Ruby, Python was like the programming language Ruby, Python was Lok = + | o
g ) 3\ (Uq
designed to be easily read by programmers. designed to be easily read by programmers. \)/OU nave T[\/e stuae nts Ol bOO

R F#

R iz an open source programming language and F# is a strongly typed, multi-paradigm programming
software environment for statistical computing and language that encompasses functional, imperative,
graphics that is supported by the R Foundation for and object-oriented programming methods.

Statistical Computing.



Azure Lab Services

https://azure.microsoft.com/ja-jp/services/lab-services/
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Azure Lab Services

https://azure.microsoft.com/ja-jp/services/lab-services/
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Azure Lab Services

https://azure.microsoft.com/ja-jp/services/lab-services/
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Data Science Virtual Machines

https://azure.microsoft.com/ja-jp/services/virtual-machines/data-science-virtual-machines/
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PowerBI

https://powerbi.microsoft.com/ja-jp/what-is-power-bi/
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School Leadership Dashboard
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Teacher Leadership Dashboard
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Azure Machine Learning Studio

https://azu

.microsoft.com/ja-jp/services/machine-learning-studio/
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Azure Machine Learning Service

https://azure.microsoft.com/ja-jp/services/machine-learning-studio/
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Azure Machine Learning Service

https://azure.microsoft.com/ja-jp/services/machine-learning-studio/
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Azure Machine Learning Service

https://azure.microsoft.com/ja-jp/services/machine-learning-studio/
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Azure Machine Learning Service

https://azure.microsoft.com/ja-jp/services/machine-learning-studio/
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Azure Al Gallery

https://gallery.azure.ai/

EXPERIMENT
Email Classification for Automated Support
Browse all Industries v Solutions Projects Models Experiments Custom Modules Mare T\Cket Genefat\oﬁ Step 1 Of 2, Tra\ﬂ and

Evaluate Models

By Shashi Lanka Venkata for Microsoft » October 20, 2017

Azure Al Gallery enables our growing community of developers and data scientists to share their analytics
solutions. Learn how to contribute.

Q) 26 likes W in M

Summary

Email dlassification experiment to assign an email to one or more class(es) of predefined set of classes or /
work queues.
data from v Azure
data services on the Data Science =

Gopi Kumar

AlexNet

ription

The goal of this experiment is to classify an email into one or more predefined classes or categories and to

create a support ticket or assign it to correct support team.
Open in Studio
This experiment has two steps
Step 1 of 2: Train model with data and Save trained models Add to Collection
EXEE m Step 2 of 2: Create an experiment using the trained models and publish it as web service
Emigil ClasSification for Atomat

MODEL

AlexNet 1.2 MODEL

Microsoft Tiny YOLOV2 SupportTicket Generation=Step 1 Next optional step is to Integrate Predictive Web service in CRM workflow 7473 views
ClEessi (Peeery In this experiment, input dataset has two raw text columns: Email Subject and Email Body, and three label 3368 downloads

columns: Case Type, Case Subject, and Queue name. Once we train the model it should predict case type
of the email, case subject, and queue name to which email belongs. This experiment has following steps
RELATED ITEMS
1. Import Data

Recently added See al 2. Data Preprocessing E-mail Classification for Automated Su
3. Text Preprocessing Meraseft
4. Feature Engineering Email Classification for Automated Su...
5. Train and Evaluate Model !
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Microsoft R Open & Server

https://www.microsoft.com/ja-jp/cloud-platform/r-server-Evaluate
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Microsoft R Open & Server

https://www.microsoft.com/ja-jp/cloud-platform/r-server-Evaluate
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CycleCloud

https://azure.microsoft.com/ja-jp/features/azure-cyclecloud/
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AI fﬂl' Ear'“l =m Microsoft

Al for Earth is a Microsoft program
aimed at empowering people and
organizations to solve environmental

challenges with technology.

https://www.microsoft.com/en-us/aiforearth
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https://www.youtube.com/watch?v=vDCbT9Wvgeo



https://www.youtube.com/watch?v=vDC5T9Wvgeo

https://www.microsoft.com/en-us/ai-for-accessibility

== Microsoft

Al for Accessibility

A Microsoft grant program that
harnesses the power of Al to amplify
human capability for the more than
one billion people around the world

with a disability.
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https://www.youtube.com/watch?v=bbrZ2pvubl 0&t=34s



https://www.youtube.com/watch?v=bbrZ2pvubL0&t=34s
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